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Abstract
This paper elaborates on the effect of predictive memory on cognitive agents that are acting
in selfish routing games. Selfish routing describes a situation, where agents are moving in a
network with defined latency functions, and act in a strictly selfish manner. Under certain
situations – i.e. specific definition of the network, associated latency functions, and agents
acting strictly selfish – the Braess Paradox occurs. The Braess Paradox contradicts human
intuition by the fact that adding a new low-latency edge to a given network does not reduce
overall latency. By incorporating cognitive agents in the game theoretical approach, agents
could overcome their strictly selfish behaviour, which in turn reduces overall latency. By
incorporating a kind of predictive memory, each agent can learn from a number of personal
experiences and alter their present behaviour accordingly, which can reduce overall latency.

1

Introduction

Any shortest path problem is well studied in literature, and is implemented in a number of
GIS products and online services, such as Google Maps or Bing Maps. Routing and navigation is the foundation for numerous applications in GIS, mobile devices, satnavs to find the
way in unfamiliar environments, or to manage logistics (SCHOLZ & BARTELME 2011).
According to MONTELLO (2005), navigation can be broken down into “wayfinding” (planning) and “locomotion” – the execution of the planned movements. Generally, navigation is
the process of selecting a destination and a certain type of associated cost – e.g. time, distance, fuel cost. The costs are necessary to evaluate the possible routes to get from a starting point to the destination. Based on the selected cost a shortest path algorithm calculates
the route with minimum cost from start to the destination point. Such a methodology –
currently state-of-the-art – does not take into account that traffic is a dynamic system. The
decisions of agents in the system directly affect the state of the network. Thus, any attributes of the network can be regarded as being time-dependent, which makes a deterministic
prediction relatively hard. A number of shortest path algorithms under dynamic conditions
have been published (KAMBUROWSKI 1985, KAUFMAN & SMITH 1993, ORDA & ROM 1991,
ZILIASKOPOULOS & MAHMASSANI 1993, DING et al. 2008). The algorithms try to react to
dynamic conditions in the traffic network, but end up with a solution for exactly one navigation agent. Hence, the decisions of other agents are not fully incurporated in the planning
process of shortest paths.
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In order to “simulate” decisions of other agents in the traffic system, ROUGHGARDEN
(2005) employs game theory. BRAESS (1968) elaborates on a problem called “Braess Paradox”. This paradox describes a situation where a group of agents tries to find the “best”
route in a network with linear latency functions, by acting in a strictly selfish manner. By
adding an extra high capacity edge, one would expect the average travel time to decrease, in
comparison to the original network. In fact, average travel time increases due to the extra
high capacity edge (BRAESS 1968, ROUGHGARDEN 2005).
The problem highlighted in this paper is to equip cognitive agents (SCHOLZ 2013) in a noncooperative network game with a kind of predictive memory. The memory allows the users
to learn from previous personal experiences and adapt their present behaviour accordingly.
This paper is a theoretical paper that reviews concepts in the area of selfish routing. Numerical results are presented in a follow-up publication.

2

Cognitive Agents, Predictive Memory and Selfish Routing

This section elaborates on the principle of Selfish Routing and the resulting Braess Paradox. Subsequently, cognitive agents discussed as an option to overcome the strictly selfish
behaviour, which can be equipped with a memory to learn from previous travel experiences.

2.1

Selfish Routing

A subfield of game theory is routing game theory (MYERSON 1991), which deals with routing decisions in a network. In an environment where each agent “plays” in a noncooperative manner, each agent tries to increase its own benefit. Non-cooperation has a
certain price – i.e. inefficiency – that is called the Price of Anarchy (PAPADIMITROU 2001).
By the example of the Braess Paradox, depicted in Figure 1, we would like to explain the
term selfish routing. In a network with vertices, edges, and associated linear latency functions, a number of agents shall travel from vertex A to D. In this example there are 4000
agents traveling from A to D. The latency function of edges AB and CD are x/100, where x
denotes the number of agents traversing the edge. The latency function of edges BD and
AC equals 45. The result of the routing game – i.e. the Nash equilibrium – in the original
network is depicted in figure 1 (left), where 2000 agents are using ABBD and 2000
agents are traversing ACCD, with a total average travel time of 65 minutes per agent. In
the amended network – with the high capacity edge BC with latency 1 – the Nash flow is at
equilibrium when all 4000 agents use ABBCCD. A total average travel time of 81
minutes per agent is determined (ROUGHGARDEN 2005, ROUGHGARDEN & TARDOS 2002,
BRAESS 1968 BECKMANN et al. 1956, WARDROP 1952). This example explains the Braess
Paradox, where the introduction of an additional high capacity edge does not decrease the
average travel time in the network.

2.2

Cognitive Agents and Predictive Memory

In contrast to the strictly non-cooperating agents presented in chapter 2.1, cognitive agents
are capable of making their own – perhaps non-selfish – decisions based on their context.
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Cognitive agents have been employed in wayfinding in built environments (RAUBAL &
WORBOYS 1999, RAUBAL & EGENHOFER 1998). As agents traveling in a traffic network are
not fully aware of the situation ahead of them, agents need to make decisions based on
uncertain and incomplete information (SCHOLZ 2013). Predictive memory is a concept
based on the recognition-prediction framework that induces constant learning from previous experiences (CLARK 2013, HAWKINS & BLAKESLEE 2007). Hence, any player in the
system could overcome a strictly selfish behaviour by memorizing own actions and actions
of other players, as well as the final result. When encountering a traffic situation where a
decision is needed, which is “similar” to a memorized situation, the agent could act accordingly. E.g. an agent listens to a radio traffic service message saying that there is a traffic
jam ahead and agents are advised to take a detour. The agent cannot evaluate the accuracy
of the message and may only speculate about the behaviour of the other agents in the system. Thus, he may sense that all the other could take the detour and the traffic situation is
clearing up, or the agent shall take the detour. Additionally, the traffic message could be
outdated by the time the agent arrives at the reported location of the traffic jam, because in
the meanwhile the tailback has disappeared.

Fig. 1:

3

Nash flow and corresponding cost per agent in the original network at equilibrium (left) and the Nash flow equilibrium after the new high capacity edge was
included (right)

Conclusion and Outlook

The introduction of a predictive memory for cognitive agents in selfish routing games could
contribute to GIScience and Intelligent Transportation Research. By modelling network
flow with a certain degree of non-selfishness, by incorporating cognitive agents with a
predictive memory, traffic situation could be predicted in a more accurate manner. This in
turn could also be of interest to reduce the overall latency in traffic networks, by influencing the traffic flow. In literature, agents could be influenced by incentives for taking a certain detour or by personalized route suggestions similar to the concept of spatio-temporal
Personal Information Management (ABDALLA & FRANK 2014).
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